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models can guide aid decision-making in AFS about Past
suitable intervention sites in real time Data

For both measures the darker shadings indicate higher out-of-sample prediction quality.
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* In the absence of real time survey data, do

prediction models based on machine learning (ML) | | Predictorimportance

map real-time child malnutrition at the district Link to AFS Variables Statistical
level more accurately than past household framework significant
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{13 for all districts} Conclusion
* [Indicator selection based on data availability and
* Model comparisons for predicting 2019-21 child systems approach provide important predictors for
malnutrition outcomes using 2015/16 data (DHS child malnutrition outcomes
India Round V and VI): . .
) * ML prediction models only sometimes more accurate
* Benchmark: Past outcomes from survey data than past data for intervention site selection
N ML: 1) OLS, 2) LASSO, 3) LASSO+ OLS PR Even for benchmark prediction quality low )
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